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Cryo-Balloon Catheter Localization Based on a
Support-Vector-Machine Approach
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Abstract—Cryo-balloon catheters have attracted an increasing
amount of interest in the medical community as they can reduce
patient risk during left atrial pulmonary vein ablation procedures. As cryo-balloon catheters are not equipped with electrodes,
they cannot be localized automatically by electro-anatomical
mapping systems. As a consequence, X-ray fluoroscopy has
remained an important means for guidance during the procedure.
Most recently, image guidance methods for fluoroscopy-based
procedures have been proposed, but they provide only limited
support for cryo-balloon catheters and require significant user
interaction. To improve this situation, we propose a novel method
for automatic cryo-balloon catheter detection in fluoroscopic
images by detecting the cryo-balloon catheter’s built-in X-ray
marker. Our approach is based on a blob detection algorithm to
find possible X-ray marker candidates. Several of these candidates are then excluded using prior knowledge. For the remaining
candidates, several catheter specific features are introduced. They
are processed using a machine learning approach to arrive at
the final X-ray marker position. Our method was evaluated
on 75 biplane fluoroscopy images from 40 patients, from two
sites, acquired with a biplane angiography system. The method
yielded a success rate of 99.0 % in plane A and 90.6 % in
plane B, respectively. The detection achieved an accuracy of
1.00 mm ± 0.82 mm in plane A and 1.13 mm ± 0.24 mm in plane
B. The localization in 3-D was associated with an average error
of 0.36 mm ± 0.86 mm.
Index Terms—Ablation, Atrial Fibrillation, Cryo-Balloon, Detection, Electrophysiology, Fluoroscopy, Left Atrium.

I. I NTRODUCTION

P

HARMACOTHERAPY is often used to prevent atrial
fibrillation. However, this therapy may fail if drugs are
not taken as prescribed, and it may be costly for younger
patients. Therefore, minimally invasive catheter ablation had
been proposed as an alternative treatment option for atrial
fibrillation, in particular paroxysmal atrial fibrillation [1], [2],
[3]. Moreover, catheter ablation was recently upgraded by the
European Society of Cardiology (ESC) to be considered as
a first line of treatment [4]. The American Heart Association
(AHA) lists catheter ablation for paroxysmal AFib as a Class
1 treatment option as well [5]. In the past decade, pulmonary
vein isolation (PVI) by catheter ablation has proven to be
a save and effective approach for dealing with paroxysmal
atrial fibrillation [5], [6], [7], [8]. The goal of this procedure
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is the electrical isolation of the four pulmonary veins (PVs)
connected to the left atrium (LA), since triggers causing atrial
fibrillation predominantly reside inside the PVs. The catheter
ablation procedures are performed in electrophysiology (EP)
labs. A standard ablation procedure involves at least a linear
radio-frequency (RF) ablation catheter. With this catheter,
point-by-point ablation around the ostium of the pulmonary
veins is performed to achieve signal block. Risk factors of
this approach are - among others - pulmonary vein stenosis
and esophageal fistula [6], [9]. To reduce these risks, cryoballoon catheter ablation techniques can be used [10], [11],
[12]. In fact, the most recent guidelines recommend cryoballoon ablation as an alternative to the point-wise radiofrequency catheter ablation [5]. The success of the cryoballoon catheter depends on the underlying anatomy of the
patient [13]. Cryo-balloon catheters isolate a pulmonary vein
by freezing the tissue antrally around its ostium using liquid
nitrogen injected into the balloon device [14]. At the time of
this writing, two cryo-balloon generation were commercially
available, and the third cryo-balloon generation has recently
been introduced. The first generation of the cryothermal balloon catheter is shown in Figure 1 (a). Two different balloon
sizes were and are still available, either with a diameter
of 23 mm or 28 mm. The size of the balloon is chosen to
match the underlying patient anatomy. As no Achieve mapping
catheter was available together with the first cryo-balloon
catheter, a second transseptal puncture was required for a
circumferential mapping (lasso) catheter. The lasso catheter
measures the electrical signals coming from the PVs. After
the ablation with the cryo-balloon catheter, the lasso catheter
is placed at a PV ostium to confirm the signal block through
PV isolation. As this is time consuming and associated with
a second transseptal puncture, the Achieve spiral mapping
catheter was introduced together with the second generation
of cryo-balloon catheter, see Figure 1 (b) for an example.
This catheter set allows for a single transseptal puncture, as
the mapping catheter can be inserted through the shaft of the
cryothermal balloon catheter into the PV to monitor electrical
signals. Furthermore, the second generation of cryo-balloon
catheter was found to reduce the procedure time as fewer
freezes are required to achieve PVI due to its better cooling
properties. Another advantage is that the electrical signal can
be measured both during and immediately after the ablation
with the mapping catheter inside the PV. The cryo-balloon is
a so-called single shot device as it can, at least in principle,
achieve PV isolation with only one single application [5]. If
the device is used successfully, it promises a reduction of
procedure time, X-ray dose and risks for complications [6],
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Fig. 1. (a) Fluoroscopic image showing a first generation cryo-balloon catheter, circumferential mapping catheter and a catheter in the coronary sinus, the
so called CS catheter. The orange arrow points to the X-ray marker of the cryo-balloon catheter, which has to be detected. (b) Fluoroscopic image showing
a second generation cryothermal balloon catheter, where the lasso catheter has been inserted through the shaft of the cryo-balloon catheter. Furthermore a
temperature probe, CS catheter and a lasso catheter are present in the fluoroscopic image. The orange arrow points to the X-ray marker of the cryo-balloon
catheter, which has to be detected.

[12], [15], [16]. Since cryo-balloon catheters are not equipped
with electrodes or electromagnetic sensors unlike traditional
RF ablation catheters, they are invisible to electro-anatomical
mapping systems (EAMS). EAMS either are impedance based,
or they use an electro-magnetic field to localize catheters in
3-D. Once devices have been localized, they can be visualized
with respect to a 3-D representation of the LA. As currently
available navigation systems do not provide support for cryoballoon catheters, the most commonly used navigation tool
available to the physician remains X-ray imaging. Transesophageal-echo (TEE) is not routinely used during catheter
ablation procedures, due to the requirement of general anesthesia. In fact, TEE itself may also contribute to esophageal
injury [17]. Intra-cardiac echography (ICE) is another tool to
help during catheter positioning, but is most commonly used
to guide the transseptal puncture [18]. Recently, ICE has been
employed to guide cryo-balloon ablation procedures. However,
in the study by Su et al. [18], venograms are still recommended to assess the position of the cryo-balloon catheter.
Nevertheless, there are advantages of ICE, such as palpation
monitoring and balloon positioning. Unfortunately, the lack
of reimbursement of ICE catheters in multiple countries in
Europe is limiting its use.
During X-ray procedures, physicians try to keep the X-ray
dose to a minimum. As a result, the cryo-balloon catheter
may be hard to see under fluoroscopy in certain cases [19].
Therefore, methods to detect and localize the cryothermal
balloon catheter are helpful to improve this procedure. A first
detection method of cryo-balloon catheters in fluoroscopic
images using a simple blob detection was proposed in [20].
However, only the characteristics directly derived from the
blob detection were exploited to make a decision about the
final catheter position. We used this approach as a starting
point for our current method and extended it using a novel
image-based feature. In addition, we introduced a kernel-based

support-vector-machine (SVM) to implement a classifier that is
able to accurately detect the X-ray marker attached to the cryoballoon catheter, see Fig. 1. To be more precise, the detected
balloon marker is a radio-opaque marker attached to the shaft
of the cryo-balloon catheter next to the injection-port of the
liquid nitrogen, which is located in the first third of the cryoballoon. As the previous method only supported monoplane
C-arm systems, we propose an extension to biplane systems
which enables the reconstruction of the cryo-balloon catheter
marker in 3-D.
II. P REVIOUS W ORK
Brost et al. [21], [22], [23] proposed a method for 3D respiratory motion compensation during electrophysiology
procedures using a 3-D lasso-catheter model and a biplane
C-arm system. The initialization of the lasso-catheter had to
be done manually. Afterwards the lasso catheter was extracted
using fast marching, and a 2-D ellipse was fitted to the result
for both imaging planes. In the next step, the catheter was
reconstructed in 3-D knowing the biplane X-ray projections
and considering an elliptical shape of the lasso-catheter. This
model was then used for tracking the respiratory motion. A
similar work for respiratory motion compensation was proposed by Ma et al. [24]. Here the motion estimate was obtained
by localizing an electrode of the coronary sinus (CS) catheter.
To detect the catheter electrodes a blob detection method was
used. A cost function was applied to distinguish the electrodes
of the CS catheter from other catheter electrodes. For the
respiratory motion correction, the proximal electrode of the
CS catheter was relied on. An extension of the two previous
described methods was proposed by Brost et al. [25]. In this
work a combined cardiac and respiratory motion compensation
algorithm for atrial fibrillation procedures was presented. To
this end, a joined approach of the two previous methods was
applied. The CS catheter was used as a point of reference, if

PUBLISHED IN: IEEE TRANSACTIONS ON MEDICAL IMAGING, VOL. 35, NO. 8, AUGUST 2016

larger movements of the circumferential lasso catheters had
been detected. For example, when the catheter was moved
from one pulmonary vein to another. The motion estimate
itself, was still derived from the lasso catheter. However, also
this method relied on initial manual catheter localization.
Hoffmann et al. [26] proposed a semi-automatic catheter reconstruction workflow from two views. In this paper three different types of catheters were considered, the radio-frequency
ablation catheter, the coronary sinus catheter and the circumferential lasso catheter. The method required a seed-point for
the localization of the catheter in the fluoroscopic images.
Based on this starting point, a graph searched was initialized to
detect the rest of the catheter shaft. In case of biplane images,
correspondences were selected and used for the 3-D catheter
reconstruction.
Almost all of the presented methods heavily rely on manual
user initialization and they have not yet considered a cryothermal balloon catheter. To the best of our knowledge, the first
solution for cryo-balloon catheter localization in fluoroscopic
images was proposed by Kurzendorfer et al. [20]. The radioopaque marker of the cryo-balloon catheter was detected using
a blob based method in combination with a cost function. This
prior work is used as reference to highlight the improvements
made with the novel approach presented in this paper.
III. M ETHODS
Depending on the patient size, the C-arm view angle, and
the X-ray dose settings, the cryothermal balloon itself may be
hard to see in fluoroscopic images. The X-ray marker attached
to the shaft of the cryo-balloon catheter on the other hand can
be easier to find. This is why we consider it a good alternative
for detecting the cryo-balloon catheter in the fluoroscopic
images, in particular when combining detection and improved
visualization. Our approach comprises four steps. First, a
Hessian blob-detection is performed to detect potential cryoballoon X-ray marker candidates which have a round shape
and are attached to the shaft of the cryo-balloon catheter. Many
of them are already excluded by applying standard criteria
using prior knowledge. In the second step, additional features
are calculated for the remaining marker candidates. In the
third step, these features are classified by a SVM and the
result of this classification is further processed to arrive at a
final position estimate for the A-plane image of a biplane Carm system, i. e., the right-anterior-oblique (RAO) view using
a typical biplane view setup. In the fourth step, the cryoballoon X-ray marker is detected in the B-plane image , i. e.,
the left-anterior-oblique (LAO) view using a typical biplane
view setup. This can either be achieved by the same three
steps or using just the first step and epipolar constraints to
find the corresponding marker position in plane B. Once, the
2-D position of the X-ray marker is known in the RAO plane
(A plane) and the LAO plane (B plane), the position in 3-D
is computed.
A. Blob Detection
First, the information about the collimators from the DICOM header is used to crop the image. In a real-time set up,
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such information is readily available from the C-arm system.
The image processing steps afterwards are just performed on
the region of interest. After the collimator removal we have a
cropped image, denoted as I(u, v) ∈ ZN ×M of size N ×M . A
histogram equalization is carried out to enhance the difference
between the cryo-balloon catheter and the surrounding tissue.
The histogram equalization is applied to the cropped image
only. In the next step, the histogram equalized image is
processed with a blob detection algorithm. The blob detector
is based on the Hessian matrix [24]. The blob detector is
not multi-scale, because the X-ray marker of the cryo-balloon
catheter has always the same size, no matter which type of
the cryo-balloon catheter is used. For the Hessian matrix
the second derivatives of the image I(u, v) are required. As
fluoroscopic images are prone to noise, additional Gaussian
smoothing is used. The standard deviation σ of the Gaussian
filter kernel is matched to the diameter of the X-ray marker
from the cryothermal balloon catheter. As the width of the
marker is known and the pixel spacing is available, either
from DICOM information or C-arm parameters, the standard
deviation σ of the Gaussian can be adjusted accordingly.
During our experiments, we found out, however, that a fixed
width is sufficient as long as the device is used within a
limited region in 3-D space. For our application, this is a space
around the biplane C-arm system’s iso-center with a diameter
of 30 mm to 40 mm (average size of a left atrium). Smoothing
and taking derivatives can be performed in one filtering
step by convolving the image with the second derivatives
of a Gaussian. Due to the isotropic filter kernel, the second
derivatives Guv and Gvu are equal. When the image I(u, v)
is convolved with the second order Gaussian derivative, for
example in u-direction, we get Iuu (u, v) as
Iuu (u, v) = I(u, v) ∗ Guu (u, v).

(1)

Similar definitions apply for Ivv (u, v) and Iuv (u, v). Next,
the eigenvalues of the Hessian matrix H(u, v) ∈ R2×2 are
calculated by
η(u, v)1,2 =

Iuu +Ivv ±

q

(Iuu +Ivv )2 −4(Iuu ·Ivv −I2
uv )
2

,

(2)

where η1 (u, v) ∈ R and η2 (u, v) ∈ R denote the eigenvalues
of the Hessian matrix H. For the blob detection we look
for the highest eigenvalues and define them as candidates for
the cryo-balloon catheter marker. Currently, the 300 strongest
eigenvalues, blobs bi = (ui , vi ) are considered as candidates
for the X-ray marker of the cryo-balloon catheter. From this
initial set, candidates that are close to the image boundaries
are excluded as well as candidates that occur only sparsely in
a region, or clustered blobs. Below, we explain how to identify
the correct X-ray marker.

B. Feature Computation
In the next step, the following features are computed for
each X-ray marker candidate. The first feature f1 is the
eigenvalue of the blob f1 = η1 (bi ) ∈ R. For the second
feature f2 , the average image intensity in a small region δ1
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Fig. 2. Example images for the feature describing the circular gradient environment around a X-ray marker candidate. (a) Marker candidate set on the
actual X-ray marker of the cryo-balloon catheter. (d) Marker candidate on a coronary sinus catheter. (a) and (d): Images with a set of gradient circles, where
rk = r5 . (b) and (e): Gradient distribution around each marker, displayed as the average of the function I(p(θ, rk )) for all radii rk , where (b) corresponds to
the cryo-balloon marker and (e) to the coronary sinus marker candidate. (c) and (f): Average sampled function I(p(θ, rk )) after shifting the function values
to the most prominent gradient location to achieve invariance to rotation, with an interval size of ι = 14, where (c) corresponds to the cryo-balloon marker
and (f) to the coronary sinus marker candidate.

around the marker candidate is computed as follows,
f2 = md (bi ) =

bu
+δ1
X

bv
+δ1
X

I(u, v),

(3)

u=bu −δ1 v=bv −δ1

with f2 ∈ R. The area should contain only dark values, as the
area’s size is set to the size of the actual catheter marker. As
a third feature f3 , we use a larger region δ2 to compute the
average intensity,
f3 = mh (bi ) =

bu
+δ2
X

bv
+δ2
X

I(u, v),

(4)

u=bu −δ2 v=bv −δ2

with f3 ∈ R. This region should contain more bright pixels as
the inflated balloon catheter is less dense than the surrounding
blood. The fourth feature f4 is the difference of the bright area
mh (bi ) and the dark area md (bi ). This feature differentiates
the radio-opaque marker of the cryo-balloon catheter from the
other possible candidates. The inflated balloon appears brighter
in the fluoroscopic image as it displaces the surrounding blood.
As density of nitrogen is lower compared to blood, the X-ray
attenuation is lower for the cryo-balloon. The X-ray marker,
however, is made of very dense material to appear opaque
in the image. Therefore the difference of these two areas is
a unique feature regarding the cryothermal balloon catheter.
The cryo-catheter marker is attached beyond the balloon’s
center, towards the distal third of the cryo-balloon. Also, there
is a guide-wire or lasso-catheter which continues past the
marker. This differentiates a cryo-balloon catheter from other
catheters such as ablation or mapping catheters that can be

present in the fluoroscopic images as well. For these catheters,
the electrodes are placed at the end of the catheter or in a
circular arrangement. Unfortunately, the electrodes of these
catheters also have a prominent blob-like structure. These
catheter properties lead us to design a feature that describes
the presence and spatial arrangements of catheters in the area
around each possible marker bi . See Fig. 2 (a) and (d) for an
illustration. In particular, we evaluate the circular distribution
of gradients around a potential cryo-balloon X-ray marker.
Feature computation comprises the following steps. First,
for each possible marker bi five circles with different radii
rk = r5 ∈ {20, 40, 60, 80, 100} (in pixels) are defined. In
the parametric form, these circles are expressed as a set of
points p(θ, rk ) = (uc , vc ) such that uc = ui + rk cos θ and
vc = vi + rk sin θ with θ ∈ [0, 2π]. The circles I(p(θ, rk ))
can be interpreted as a one-dimensional function of grayscale intensities. Examples can be seen in Fig. 2 (b) and
(e). The circle I(p(t, rk )) is subsequently smoothed with a
one-dimensional Gaussian kernel G1−D (σG , p(t, rk )) with a
σG = 0.5 to eliminate remaining image noise. Then, it is convolved with a one-dimensional Logarithm-of-Gaussian kernel
L1−D (σL , p(θ, rk )) with σL = 0.8 to highlight areas of rapid
intensity change, i. e. edges. The resulting function represents
the circular distribution of edges around a possible marker bi .
The resulting functions of each circle are averaged over all rk
and the resulting averaged function is sub-sampled into ι = 14
intervals. This decreases then number of features, lowers their
sensitivity to noise, and facilitates a faster computation time.
As the catheters may occur in the image in arbitrary
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Fig. 3. Example for cryo-balloon catheter detection. (a) Result of our cryo-balloon catheter detection for plane A. (b) Zoomed-in version of (a). Our detection
result is shown in red and the gold-standard annotation in green.

orientation, the features need to be invariant to rotation [27].
To this end, the 14 intervals are shifted such that the interval
associated with the highest filter response is always at the
first position, which are declared as features f5 to f18 . See
Fig. 2 (c) and (f) for an illustration. The 14 intervals f5 to
f18 along with the eigenvalue of the blob f1 , the average of
the small region f2 , the average of the larger region f3 , the
difference of the regions f4 are all used as features for the
SVM classification explained next.

C. Feature Classification
For each of the n potential markers bi , the 18 features
previously described are computed. A kernel-SVM with a
radial basis function kernel is used to classify the marker
candidates [28]. The result of the classification for one test
image is a ranking κ(bi ) and class-prediction ω(bi ) ∈ R for
each candidate bi . As multiple bi within one image might be
classified as the cryo-marker, sign(ω(bi )) = +1, an additional
step needs to be performed to make a final decision on the
predicted cryo-marker position in the image. To this end, a
binary map, based on sign(ω(bi )) = +1, of the same size
as the original image is computed. On this binary map a
4-connectivity search is performed for all marker candidates
resulting in connected groups Ak with k = 1, . . . , ng where
ng is the number of groups, which varies from image to
image. Each group is assigned a score that is based on the
classification ranks κ(bi ) of all bi geometrically related to a
group Ak by
1 X
sk =
κ(bi )
(5)
ng
bi ∈Ak

The group Ak with the highest score sk is considered to be the
actual cryo-balloon X-ray marker, where the geometric center
of Ak is the position of the cryo-marker in the image, referred
to as b. An example of our catheter detection for plane A RAO
view is displayed in Fig. 3.

Fig. 4. The epipolar geometry with the two optical centers (X-ray sources)
oA and oB for each image plane. The translation vector t from image plane
A to image plane B. Point p is the 2-D image point in image A and q is
the 2-D image point in image B and the associated 3-D point is w. l1 is
the epipolarline in image A and the corresponding epipole is e1 , l2 is the
epipolarline in image B with the corresponding epipole e2 .

D. Catheter Localization in 3-D
The detected cryo-balloon catheter marker is denoted as b.
As the cryo-balloon catheter localization is performed using
biplane images as input, the blob has to be detected in plane A
(RAO view) and plane B (LAO view). There are two possible
ways to find the corresponding X-ray marker of the cryoballoon catheter in plane B. Either the whole cryo-balloon
catheter detection is performed for both planes resulting in
bA and bB . Or the X-ray marker in plane B can be found by
looking for the closest corresponding point to bA in the set
of possible X-ray marker candidates bB,i using the epipolar
constraints [29]. The set bB,i contains all possible X-ray
marker candidates after the exclusion of blobs with a certain
margin to the image boundary in plane B.
In general, the epipolar constraint exists between any two
camera systems. Consider the case of two cameras depicted
in Fig. 4. Let oA ∈ R3 be the optical center of camera A and
oB ∈ R3 the optical center of camera B. Given a 3-D point
w ∈ R3 and its 2-D projections p and q ∈ R2 both points are
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projection matrices can be obtained analytically, assuming an
ideal geometric model of the C-arm, or by calibration, taking
into account the non-ideal behavior of the C-arm system’s
projection geometry [29], [32]. Modern C-arm systems are
calibrated, such their matrices are known [33].
The projection geometry of a C-arm system is similar to the
geometry of a pinhole camera, thus a perspective projection is
considered. For a more detailed description of the projection
geometry of a C-arm system, see Brost et al. [34].
This means a 3-D point w ∈ R3 can be projected onto the
image plane, resulting in p ∈ R2 knowing the projection
matrix P ∈ R3×4 , by
p̃ = Pw̃ = K[R|t]w̃,

Fig. 5. The projection geometry of a biplane C-arm system. With the two
optical centers oA and oB for each image plane and the corresponding
direction vector dA and dB . Knowing the projection matrix P and the
two 2-D cryo-balloon X-ray marker bA and bB , the 3-D point w can be
computed. The optical centers do not represent their true locations but have
been put on the outside of the tube collimator covers for purpose of illustration.

related to a projective transform given as
sp = Pw

(6)

where s is a scale factor and P ∈ R3×4 is the projection
matrix [30].
The epipolar geometry defines the geometry between the two
cameras (in our case X-ray sources) creating a stereoscopic
system. Given a point w ∈ R3 and its 2-D projections p and q
∈ R2 on both image planes, the three points define the epipolar
plane, which intersects both images at the epipolar lines l1
and l2 ∈ R3 , as shown in Fig. 4. Moreover, the intersections
of all epipolar lines define an epipole on both image planes,
denoted by e1 and e2 ∈ R2 . For a more detailed description
of the epipolar geometry please see Armangué et al. [31].
The epipolar geometry is required to find the corresponding
blob bB to bA from the set bB,i . To do so, the epipolarline
l2 is computed for the tip estimate bA . Given the set bB,i and
the epipolarline l2 , the tip estimate bB is determined by
bB = arg min

bj ∈bB,i

lT2

· bj .

(7)

However, if the first localization in plane A is wrong, the
detection of the radio-opaque marker in plane B using epipolar
constraints will be also wrong. This is why it is a good idea
to start with the image which has the better image quality.
In many cases, this is the image obtained with a view angle
closer to the posterior-anterior view direction, e.g., 30◦ RAO.
After the position of the X-ray marker is known in plane
A and B, the 3-D position can be calculated. For this, the
projection geometry of the C-arm system has to be known. The

(8)

where the ˜ denotes the homogeneous coordinates of the
points, K ∈ R3×3 is the intrinsic camera matrix, R ∈ R3×3
the rotation matrix of the camera and t ∈ R3 the translation
vector of the camera. As a biplane system is considered, the
projection matrices are denoted as PA for plane A and PB
for plane B, respectively.
Having the 2-D cryo-balloon X-ray marker in plane A, denoted
as bA and the projection matrix PA for plane A the equation
can be rewritten as
e A = KA (RA · w
e + tA ).
b

(9)

As the image point bA is given in homogeneous coordinates,
the exact coordinates of the points are known up to a scaling
factor λ ∈ R. This fact can be used to construct a line through
the 2-D image point and the point in 3-D. A point along this
line is described by
−1 e
−1
rA (λ) = λ · R−1
A KA bA − RA · tA .

(10)

−1

Substituting the point of the origin oA = −RA · tA and the
e A , Eq. (10) can be rewritten
direction dA = RA −1 KA −1 b
as
rA (λ) = oA + λ · dA .
(11)
Given the two 2-D cryo-balloon marker in plane A, bA , and
plane B, bB , two ray equations can be computed. Due to
errors during the localization of the cryo-balloon tip in 2-D
projections associated with the same 3-D object, the lines do
not necessarily intersect. As both rays, rA and rB , represent
the same point in 3-D. The final point in 3-D is computed by
w⋆ =

1
· (oA + λ̂dA + oB + µ̂dB ),
2

(12)

where µ̂ is the scaling parameter for rB , equivalent to λ̂ for rA .
The scaling parameters were estimated from the intersection
of the two rays using singular value decomposition. See
Fig. 5 for an illustration of the 3-D projection geometry of
a biplane C-arm system. For details of the point localization
see Brost et al. [32].
IV. E VALUATION

AND

R ESULTS

In this section we evaluate our proposed method. The
goal of the evaluation is to show that the detection in 2D and the reconstruction in 3-D are satisfactory for clinical
use. Our data comprised 150 monoplane images from 75
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Fig. 6. (a) The cryo-balloon catheter detection in 2-D yielded an average error of 1.00 mm ± 0.82 mm with a total minimum of 0.00 mm and a total maximum
of 4.88 mm in plane A (RAO view). The previous method yielded an average error of 1.03 mm ± 1.08 mm with a total minimum of 0.17 mm and a total
maximum of 4.04 mm in plane A. (b) The cryo-balloon catheter detection in 2-D yielded an average error of 1.13 mm ± 0.24 mm with a total minimum of
0.24 mm and a total maximum of 4.10 mm in plane B (LAO view) with the full detection algorithm. Applying epipolar constraints for marker detection in
plane B, we obtained an average error of 1.18 mm ± 0.99 mm and an overall maximum error of 4.75 mm and an overall minimum error of 0.00 mm. The
previous method yielded an average error of 0.98 mm ± 0.84 mm with a total minimum of 0.17 mm and a total maximum of 3.83 mm in plane B. Plane A
was at an angle of 30◦ RAO, plane B had an angle of 60◦ LAO.
Detection Error in 2-D
Plane A

Plane B

Our Approach

[20]

Our Approach

Epipolar Approach

[20]

1.00 mm
4.88 mm
99.0 %

1.03 mm
4.04 mm
56.0 %

1.13 mm
4.10 mm
90.6 %

1.18 mm
4.75 mm
89.3 %

0.98 mm
3.83 mm
61.3 %

Mean
Max
Success

TABLE I
C OMPARISON OF THE DETECTION RATE AND ERROR OF OUR APPROACH TO THE PREVIOUS METHOD [20].
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Fig. 7. Variability evaluation of different radii, where r3 ∈ {20, 40, 60}, r5 ∈ {20, 40, 60, 80, 100} and r7 ∈ {20, 40, 60, 80, 100, 120, 140}. (a) The
cryo-balloon detection for plane A achieved a detection rate of 99.0 % using r5 . For r3 we achieved a detection rate of 92.0 % and for r7 86.7 %. The best
result was achieved using r5 . (b) The cryo-balloon detection for plane B achieved a detection rate of 90.6 % using r5 . For r3 we achieved a detection rate
of 72.0 % and for r7 69.3 %. The evaluation shows, that adding or removing radii deteriorates the accuracy of our proposed method. The best result was
achieved using r5 .

biplane sequences acquired over 40 different patients from two
clinical sites. The catheter setup for cryo-balloon procedures
involved one circumferential mapping catheter, one catheter
in the coronary sinus and one cryo-balloon catheter. For the
evaluation, only data of procedures involving the first and
second generation cryo-balloon catheters were available to us.
The cryothermal balloon catheter was placed at the ostium
of the pulmonary vein during image acquisition. The catheter
is usually firmly placed to ensure a good wall contact. A
suboptimal wall contact may lead to incomplete pulmonary
vein isolation. Some images also show ECG leads that were
attached to the skin of the patient or temperature probes inside

the esophagus. All images were acquired on a Siemens Artis
zee biplane system (Siemens Healthcare GmbH, Forchheim,
Germany). For evaluation of our method, a gold-standard
annotation of the radio-opaque marker was available, provided
by an electrophysiologist. The evaluation itself was performed
by a leave-one-out cross validation, i. e. one sequence was
excluded from training of the classifier and used for testing.
Given the gold-standard annotation, the Euclidean distance
between our detection result and the gold-standard annotation
was computed as 2-D detection error. As 5 mm is mostly
used as a clinically acceptable threshold, our method has
a detection success rate of 99.0 % in plane A (RAO). For
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Fig. 8. Variability evaluation for different interval sizes ι of the gradient distribution around each possible marker. Changing the number of intervals,
automatically changes the number of features used for the SVM. (a) The cryo-balloon detection for plane A achieved a detection rate of 99.0 % using an
interval size of ι = 14. For ι = 7 we achieved a detection rate of 84.0 % and for ι = 21 89.3 %. Changing ι = 7 smooths the gardient distribution too
much, therefore the classification result is reduced. Increasing ι = 21 leads to an overestimate of the gradient distribution and also decreases the classification
result. The optimal result was achieved with an interval size of ι = 14. (b) The cryo-balloon detection for plane B achieved a detection rate of 90.6 % using
an interval size of ι = 14. For ι = 7 we achieved a detection rate of 73.3 % and for ι = 21 70.3 %, respectively.

plane B (LAO), we have a success rate of 90.6 % when
applying the multi-step blob detection algorithm and a success
rate of 89.3 % when applying epipolar constraints for the
detection. Excluding detection failures, our method yielded
a detection error of 1.00 mm ± 0.82 mm in plane A. The
results for plane A are shown in Fig. 6 (a). In plane B we
achieved a detection accuracy of 1.13 mm ± 0.24 mm using
the whole detection algorithm and 1.18 mm ± 0.99 mm using
the epipolar constraints. Fig. 6 (b) states the results of the
two detection methods for plane B. On the same data set,
our previous method [20] yielded a success rate of 56.0 % in
plane A and of 61.3 % in plane B. For plane A, it achieved
an average error of 1.03 mm ± 1.08 mm with an overall
maximum error of 4.04 mm and an overall minimum error of
0.17 mm. For plane B, an average error of 0.98 mm ± 0.84 mm
with an overall maximum error of 3.83 mm and an overall
minimum error of 0.17 mm were achieved. Note that only
correctly detected radio-opaque markers were used for the
error computation. This is the reason why the errors of the
two methods are similar, but the detection rates are different. A
direct comparison between the previous method and our novel
approach is given in Table I. The main technical difference
between the proposed method and the previous method [20]
is, that only a cost-function was used in the earlier method
to identify the cryo-balloon marker. Furthermore, the marker
was only detected in a single plane, so no 3-D localization
was possible. In this work, on the other hand, a machine
learning approach was used to find the X-ray marker of the
cryo-balloon catheter
For the feature computation, several parameters were set.
First, for each possible marker bi different sets of radii rk
were defined. A comparison of different number of radii
rk and their impact on the results is given in Fig. 7, were
r3 ∈ {20, 40, 60}, r5 ∈ {20, 40, 60, 80, 100} and r7 ∈
{20, 40, 60, 80, 100, 120, 140}. The cryo-balloon detection for
plane A achieved a detection rate of 99.0 % using r5 . For r3
we achieved a detection rate of 92.0 % and for r7 86.7 %.
For plane B we achieved a detection rate of 90.6 % using
r5 . For r3 we achieved a detection rate of 72.0 % and for
r7 69.3 %. The best results were achieved using r5 . This

can be explained mathematically. The most often used cryoballoon had a diameter of 28 mm. Knowing the pixel spacing
δp = 0.1725 of the fluoroscopic images and the diameter of the
cryo-balloon, it results in a length of 162 pixels. As the radioopaque marker of the cryo-balloon catheter is positioned in the
first third of the balloon, we can make sure that we cover a
lot of the balloon, especially regarding the distal end. Another
parameter was the number of intervals ι for the gradient
distribution around each possible marker. An evaluation of the
impact for different interval sizes ι is given in Fig. 8. Changing
the number of intervals automatically changes the number of
features used for the SVM. The cryo-balloon detection for
plane A achieved a detection rate of 99.0 % using an interval
size of ι = 14. For ι = 7 we achieved a detection rate of
84.0 % and for ι = 21 89.3 %. For plane B we achieved a
detection rate of 90.6 % using ι = 14. For ι = 7 we achieved
a detection rate of 73.3 % and for ι = 21 70.7 %. Changing
ι = 7 smooths the gradient distribution too much, therefore
the classification result is reduced. Increasing ι = 21 leads to
an overestimate of the gradient distribution and also decreases
the classification result. The optimal result was achieved with
an interval size of ι = 14.
As biplane sequences were available, localization in 3-D
could be performed by triangulation. Unfortunately, an evaluation in 3-D would require additional 3-D ground truth. As
neither a 3-D data set nor 3-D information from an electromagnetic navigation system was available, only an estimate
of the 3-D error could be calculated. To do so, we used the
gold-standard annotation provided by an electrophysiologist
to perform a 3-D point localization based on the two 2-D
ground truth annotations. To estimate the 3-D error of our
localization method, we computed the Euclidean distance between the gold-standard triangulation result and the localized
cryo-balloon marker in 3-D. On average, our method yielded a
3-D localization error of 0.36 mm ± 0.86 mm, with an overall
maximum error of 4.97 mm and an overall minimum error of
0.03 mm. Using the same 5 mm threshold as for the detection
of the marker on a single plane image, the localization success
rate was found to be 97.3 %. As the previous method achieved
only a 3-D success rate of 56.0 % and 61.3 % a comparison
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(b)
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(d)

(e)

(f)

Fig. 9. Example of the cryo-balloon localization in 3-D. (a) Input image of plane A. (b) Input image of plane B. (c) 3-D surface mesh of the left atrium.
(d) Result of our cryo-balloon catheter detection in image plane A, overlayed with the 3-D surface mesh from (c). (e) Result of the detection in image plane
B, overlayed with the 3-D surface from (c). (f) Example for cryo-balloon localization in 3-D. Position of the automatically localized cryo-balloon catheter in
3-D with respect to a pre-planned position of the cryo-balloon catheter using AFiT [35].

in 3-D was omitted.
V. D ISCUSSION

AND

C ONCLUSIONS

Our new method clearly outperforms the previous
method [20] with 2-D success rates of 99.0 % vs. 56.0 % and
90.6 % vs. 61.3 %, respectively. The results for image plane B
(LAO) are in general worse than for plane A (RAO). This can
be attributed to the fact that plane B is positioned in a more
lateral orientation, while plane A is positioned closer to an
anterior-posterior view direction. In our clinical set-up, plane
A was at an angle of 30◦ RAO and plane B had an angle of
60◦ LAO. As a consequence, both effective patient thickness
and the scatter for image plane B are higher, resulting in a
lower image quality. See Fig. 10 for an illustration of the
clinical setup of the C-arm system. Our approach failed in
1.0 % out of the 75 sequences for image plane A and in 9.4 %
for image plane B. We considered a detection result a failure
if the Euclidean distance between the detected marker and
the gold-standard annotation was larger than 5.0 mm. In the
remaining frames, our method achieved a 2-D detection error
of 1.00 mm ± 0.82 mm for plane A and 1.13 mm ± 0.24 mm
for plane B. An example of our catheter detection for plane
A is displayed in Fig. 3.
The higher number of failures in image plane B using the
epipolar-constraint to find the correct marker position in image
plane B can be explained as follows. Given a wrong marker

position in plane A, the correct marker position in image plane
B cannot be found. This is a main drawback of the epipolar
method. One could, however, consider changing the C-arm
view angles to 45◦ and 45◦ in both RAO and LAO. Then
one could apply the multi-step blob detection in both views
and pick the better result. Our method was evaluated using the
first and second generation of cryo-balloon catheters. Recently,
a third generation of cryo-balloon catheters was introduced
with a shorter tip. Since there is still a radio-opaque marker
inside the cryo-balloon catheter, the catheter specific features
can again be calculated and our algorithm be applied. Some
parameter changes may, however, be necessary.
As biplane images were available, an estimate of the 3D position of the cryo-balloon catheter marker could be
computed. The 3-D position could then be visualized with
respect to a pre-operative data set of the left atrium as, e.g.,
used for planning purposes [36], [35]. The localized marker of
the cryo-balloon then facilitates the verification of the balloon
catheter position as illustrated in Fig. 9 (f). Furthermore, our
method can be used to either initialize localization methods
or as a tracking method on its own [37] - either in 2-D or
even in 3-D, if the X-ray markers are detected in the images
simultaneously acquired on a biplane X-ray system.
The automatic detection of the radio-opaque marker of the
cryo-balloon catheter can also be used as the initialization
point for the method presented by Hoffmann et al. [26]. From
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Fig. 10. Projection angles of the C-arm system. In our clinical set-up, plane
A was at an angle of 30◦ RAO, depicted as the green ray and plane B had an
angle of 60◦ LAO, represented by the yellow ray. As the amount of scatter is
related to the patient width in X-ray view direction, its impact in the 30◦ RAO
view direction is less than in 60◦ LAO view direction. This is one important
reason why the A-plane image quality is better then its B-plane counterpart.

there we would get a 3-D model of the catheter shaft. Knowing
the vector of the shaft, the 3-D position of the X-ray marker
and the diameter of the cryo-balloon, a 3-D model of the cryoballoon can be reconstructed and overlaid on the fluoroscopic
images, see Fig. 9 (d) and (e) for an example. Several
studies have already been published explaining how cryoballoon ablation procedures can benefit from the visualization
of the balloon catheter [38], [39]. However, all the workflows
presented so far all require manual user interaction.
In the course of this work it has been shown that the cryoballoon catheter detection in 2-D and the localization in 3-D
using a blob-based support-vector-machine is possible.
R ESEARCH D ISCLAIMER
The methods and information presented in this paper are
based on research and are not commercially available.
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